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Abstract

The data amount is increasing in proportion to development of technology. Recently,
data analysis is important technology in the world. But big data analysis is demands
long time. The purpose of this study is to investigate the effectiveness of dimensionality
reduction by cluster analysis. This is done by BERT distributed representation and
Ward’s method clustering. This study uses documents classification as an indicator.
The documents used for dimensionality reduction are in nine genres from the livedoor
news corpus. Also the distance between documents after dimensionality reduction is used
for validation = through documents classification. These results show that this method
significantly reflects information on proper nouns such as people’s names. This feature
classifies from a different perspective than latent semantic analysis and may be a more

effective dimensionality reduction in some situations.
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BertConfig |
" name_or_path™: “cl-tohoku/bert-base-japanese-whole-word-masking”,

“architectures™: [
“BertForMaskedl W™

1,

“attention_probs_dropout _prob™: 0.1,

“classifier_dropout™: null,

“hidden act™: zelu”,

“hidden dropout _prok™: 0.1,

“hidden _size”: TH3,

“initializer _range”: 0.02,

“intermediate size”: 3072,

“laver _norm_eps @ le-12,

“max_position_embeddings”: 512,

“model _tvpe": Thert”,

“num_attent ion_heads": 12,

“num_hidden_layers™: 12,

“pad_token_id": 0,

“position_embedding tvpe™: Tahsolute”,

“tokenizer class™: "BertJapaneseTokenizer™,

“transformers version™: "4.16.27,

“type vocah size”: 2,

“use_cache™: true,

“yocabh size”: 32000

Figure 4.1: BERT config
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Figure 5.10: Similarity difference among cluster analysis and latent semantic analysis
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