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Abstract

In recent years, Al has begun to be used in various fields such as image analysis,
dialogue with people, and text analysis. The purpose of this study is to find ways to
improve the classification accuracy of Al. Therefore, we created an Al to detect whether
opinions in game reviews are positive or negative, varied different factors in the learning
process, and examined the accuracy of the classification. As a result, we found that when
performing classification using Al, it is effective to have a large amount of data and few
training sessions, and that if it is known in advance that there will be a difference in the
amount of positive and negative opinions, it is effective to use a method that emphasizes

the characteristics of minority opinions.
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Figure 8.12 Defference 1000 data.
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Figure 8.13 Accuracy 100 data.
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Figure 8.16 Accuracy data variability.
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Figure 8.17 F1 data variability.
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